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WIS JMRMRT (Al based) fafEdl g1 Wiegil # INT @1 ST HAT IUARM BT & Rifdh 3AD
TRUTH WU A RS el H A Bl S Ud I9d A DI UishdT § oW+ drel qHd
H HHT AR & | Uil H I DT IEHAT AR IMAF JHAT BT HROT I T | 31T, BT U
31feres T IR BraT B forad aRUM W@y Mg, &I Beel BT ScTad HH &1 SffdTl 2 | 3T & Uil
H JFIRIS wWie (SaTy] e, ol bel (TR ARIS) AR it IFT (IR BT IG3M) O AT JATHAR
TR UIT ST & FOe o1 3MeH §RT U T el ST Adhdl & | $s eyl ° JaeiRad Wie T
DI ST B & Sdfd oh dol AR oh We ol 3 FIRal o ey ey or =2f 81
2139 UY UF H g b U H U HIAIegITA Rl edad (Deep Convolutional Neural
Networks) BT STANT &R I BT GdT T B foIT T Taarferd Yommed! fawmRid &= &1 ddb-iral
BT g faar 11 € | 39 Hisd & i g DI YRR BT SUIAN IR g b U H A9 B
U BI ST Tl & | A Pet 3R A IS P SICRIC IRA & HLIR &3 A Jgardd w9 I
TR fhar T 8, Safd SaIRad wWie & folv STerie 3ifHerg ©iehi | Se+ars fhar ar
2 | WYHR SICRIT BT IUAN, Y AT Alsall, WgAgd (CNN) oI 789%™ V3 (Inception V3)
1 ARME w1 & oy fbar w31 8| g9 3felrar, AIeAuE iR AW 91 3% 4 JcAd
faeeryor fhar T, Sl WU B 84.78% HI Ui AIHT (TestingAccuracy) el 3R
U@ 41 39 WTAUH F I8dR Y& PR 8Y 96.00% BT URIET0T Al fa@rs 2 |

Abstract

Detection of diseases in plants by automatic methods is very useful as it reduces the time
consumed to monitor diseases and their prediction at early stages. The diseases in plants cause
significant productivity and economic losses. The peach plant is very prone to diseases which
results in the decline of peach crop production. Diseases like Bacterial Spot, Leaf Curl, and Leaf
Rust are commonly found in peach leaves which can’t be identified by laymen. Several studies
have investigated the Bacterial Spot disease, while other diseases like Leaf Curl and Leaf Rust
didn’t get much interest. In this paper, we have suggested a strategy to develop an automatic system
for disease detection in the peach plant using deep convolutional neural networks. This model can
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be used to identify diseases in the peach plant
using the leaves of the plant. The dataset used
has been collected manually from the Kashmir
region for Leaf Curl and Leaf Rust, while for
Bacterial Spot it has been downloaded from an
online platform. The combined dataset was
trained using CNN and Inception V3 models.
Further, the comparative analysis between CNN
and Inception V3 was done where CNN got a
testing accuracy of 84.78% and Inception V3
showed a testing accuracy of 96%
outperforming the CNN model.

™

& ¥eq: dFIRIT Wi, Huaed, feforee
SO AR, SRR V3, Wi A |

Key words: Bacterial Spot, CNN, Digital
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IR fy o7 @ B | Mywdten gRT Ui @
HIRET &1 gar o iR g7 fmiRal @
Fiffed < & forg fAfr= qaiial &1 faer
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$9% fdv k—al¥dd =89 (K—mean
clustering), f@ead TSRIT (Nearest neighbor),
d% HTURIeE (Back propagation) 3R B8 3
Bfd TRARGRUT qdHTdl & STANT fhar T
AT |

faf=1 waal & arffexor oY Fwar 76.
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